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contact-rich loco-manipulation tasks.
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Across substantially different manipulator configurations, demonstrating

the effectiveness and generalizability.

Turning Motion EE Pose Tracking Extended Pose

Real-Word Benchmark

Evaluating the contribution of tactile.
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Taskl Taskl Taskl
Re-0ri Insertion Whole Task2 Task3 Task4 Task5
P1 0.35 0.15 0.05 0.35 0.20 0.35 0.45
P2 0.95 0.70 0.55 0.80 1.00 0.85 0.70 .
P3 1.00 0.70 0.60 0.80 1.00 0.95 0.80
P4 0.20 0.30 0.00 0.10 0.10 0.10 0.20
P5 0.40 0.35 0.05 0.10 0.15 0.45 0.40
Ours 1.00 0.85 0.80 0.85 1.00 0.95 0.85 _
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